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Estimation of a politician’s stance based on his/her posts to microblogs
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We propose a method for estimating a politician’s stance based on sentiment analysis of his/her posts to mi-
croblogs. This method calculates the average semantic orientation of a politician’s posts in general, and compares it
to that of the posts regarding a particular theme, to estimate the politician’s stance regarding the theme. Through
an experiment with actual posts to “Twitter”, the effectiveness of proposed method is shown.
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