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Motion planning method using a probabilistic roadmap based on the confidence of a Gaussian
process regression
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The development of a motion planning method for a robot to work in real environments becomes important

research issue.

For such an application, sampling-based motion planning methods have been successfully used

in the last decade. In a sampling-based motion planning method, the state space is configured and a graph is
constructed on the space, which indicates the reachability between node pairs. The motion planning is done by
using the graph. It requires an explicit model of a controlled target to get the graph, but these model is difficult
to obtain a model for a robot working in a real environment due to the complexity. In this research, we propose a
framework of a motion planning method in which a system model is approximated by Gaussian process regression.
We apply our method to the swinging up of a simple-pendulum and investigate the property of our motion planning

method.
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2. Sampling based motion planning
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1: Connection by using GPR
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2: Connection of our roadmap
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4.1 Simple pendulum
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