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FEATURE DETECTION FOR MEDICAL IMAGES
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Medical images are stored everyday and ready for being analyzed machine learning algorithms. This work presents real-

time and simple analysis for feature detection. Non-parametric Nearest-Neighbor (NN) based image classifiers is suitable

because it requires no training time, has other favorable properties. This algorithm aims for classifying medical image

features in real-time with a number of images. I tested the algorithm using eye fundus images that have two classes: normal
and diabetic retinopathy (DR). DR is one of the top causes of blindness.
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