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Application of Online Learning Algorithms to Fuzzy Classifiers and its Performance Evaluation
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Online learning algorithm for fuzzy classifiers is studied. It is assumed in this paper that not all training patterns
are given a priori for training classifiers, but are gradually made available over time. It is also assumed that the
previously available training patterns can not be used afterwards. Thus, it is required that already constructed

classifiers are modified using the currently available training patterns.

Online learning algorithms are applied

to fuzzy classifiers for this task. A series of computational experiments are conducted in order to examine the
performance fuzzy classifiers with online learning algorithms.
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0 1: UCI Repository 0 0O
. . . # of patterns
Data set Dimensionality Classl ‘ Class2
Abalone 8 3787 391
Breastcancer 10 458 242
Pima-indians 8 501 268
Transfusion 4 571 178
020000
Data set H Fuzzy | Linear
Abalone 0.8772 | 0.8671
Breastcancer 0.9591 | 0.9213
Pima-indians-diabetes || 0.6766 | 0.5706
Transfusion 0.7061 | 0.7319
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