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An exper for a given topic is a person who has I level of skill for the topic. Recergrowsof sc-called crowd sourcin
service requires the method to retrieve the hi-skilled expertise from a lot of candidate expeAs. expert retrieva
problemis a problem that finding the higl-skilled experts from given database in an orgaiminateveral papers tackle
this problem, however, the papers targetat most a fewhandlesexperts as far. Practicexpertis: retrievalrequires ove
ten thousar of experts. Thipaperproposes a framework for lal-scale expert retrieval by integratinccial media
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