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We propose a novel learning method for multilayered neural networks which uses feedforward supervisory signal
and associates the classification of a new input with that of pre-trained input. A multilayered deep neural network
is one of the most powerful methods for human-like recognition tasks, image, and speech recognition. Some previous
studies demonstrated great performances with supervised learning in signal classification tasks. Supervised learn-
ing for multilayered neural network generally uses gradient-based learning rules, in particular, back-propagation
learning. However, the amount of supervisory information in the last layer is insufficient to supervise the whole
deep neural network because the information is selected and reduced from layer to layer. This tendency is more
serious in signal classification tasks which have limited discrete output. The proposed method effectively uses rich
input information in the earlier layer for robust learning and revising of the internal representation in a multilayer

neural network.
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