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Deep Learning has achieved significant results in recognicion of images and sounds and in prediction of molecular activities. It is
desirable to accumulate knowledge of Deep Learing to apply in various kinds of machine learning problems easily adn effectively. We
show that the combination of Pylearn2, a Deep Learning framework, Maxout Network, a learning model with deep architecture, and
utilization of machine with Graphics Processing Unit(GPU) is effective to deal with problems with implementing Deep Learning.
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