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Detection of Trajectory Patterns and Visualization of Spatio-Temporal Information Based on a Data
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As the rapid increase of mobile GPS devices such as smartphones, it is meaningful to mine or analyze the massive
trajectory data streams from those devices. Though there are many algorithms that can find patterns from massive static
trajectory data or a dynamic data stream by a batch process, what we need now is a new algorithm that can deal with a
massive data stream with limited resources. Our proposed algorithm is aimed at discovering the place at which people always

stop when they moves or the place which is becoming crowded from massive trajectory data stream by online process.
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stop-point = the cell which (x, y;) fall at;
for obj in cellsim][n{
if(obj==stop-point) obj.popularity=
cell.popularity*constant+1;
else obj.popularity*=constant;
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initialize Array List databuffer;
for (X, y1) in data stream{
top-point = the cell which (x;, y;) fall at;
add (stop-point, timestamp) to databuffer;
while(timestamp of the 1st element of databuffer == current
time - 10 minutes){
(the cell which the 1st element of databuffer point
to).popularity -= c"10;
remove first element of databuffer;
}
for obj in subarea{
if (obj==stop-point) obj.popularity=
obj.popularity*constant+1;
else obj.popularity*=constant;
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