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Eigenbehavior Detection from Trajectory Data by Human Behavior Knowledge
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The conventional analysis of behavior of people has used principal component analysis (PCA). However, PCA
detects the characteristic behavior consisting of the information only regarding time and places, i.e., such as when
and where people are. This paper proposes a method to detect eigen behavior using human behavior knowledge
and data mining techniques. The method deals with information of transportation and relationship between places
and builds an ontology of eigen behaviors. The first step is to give meanings to trajectorybecause the moving
trajectory data is geometric. This step uses clustering and conditional random fields. Then, by mining patterns
from provided semantic trajectory, eigen behaviors are detected. We perform an experiment using trajectory data
in Tokyo metropolitan area and build an ontology of office workers, university students and high school students.
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