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Study identification of features using correlation values between time series data
being obtained from fNIRS
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By using the noninvasive fMRI and fNIRS device, getting the cerebral function of the human has become easier.By
using this information, it is possible to perform the identification whether test subjects good at task or not.However,
on whether to use any brain function information, the accuracy of identification is differ widely. In this paper, we
study the method of identifying the correlation values as feature value between time series data obtained by the

probe fNIRS.
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