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Influence analysis of information diffusion focusing on directed networks

St AR R

Fujio TORIUMI

FI5

Shohei Usui

LR SR A R LR T 5E R

School of Engineering The University of Tokyo

AL v ]2 [ e
Takatsugu HIRAYAMA Kenji MASE

A PNE NS A LR YR R 2

Graduate School of Information Science, Nagoya University

Online social networks(OSNs) are attractive for their information sharing capabilities. In this paper, we analyze
information diffusion focusing on directed network structures. We focus on 13 features and analyze which feature
is effective for information diffusion. We found that the reachability, node assortativity, in-degree assortativity, and
in-out-degree assortativity are effective features. In addition, we produced network with high information-diffusion
performance. Finally We analyzed the change in the real network and we showed that the changed network have

high information-diffusion performance.
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