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Improvement of Sentiment Dictionary Using Neural Network Language Model
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In this paper I improve a dictionary for sentiment analysis, which is constructed with semi-supervised learning,

using neural network language model.

The automatically constructed dictionary includes a lot of words which

does not include sentiment polarities essentially. To reduce such words from the dictionary I use a neural network

language model.
constructed dictionary.
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2.

I found the proposed method could constructed a dictionary which was similar to a manually
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SSL 32 7 123
Positive ~ SSL+NNLM 26 6 58
SSL(699) 21 4 68
SSL 8 32 66
Negative ~ SSL+NNLM 4 18 17
SSL(699) 3 13 20
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