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Decision Method of Learning Region in Image-Processing
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In tissue engineering for the corneal endothelium, the quality evaluation of cultured cell is performed by extracting
the feature values from cell images. In order to support the evaluation, we previously proposed a feature extraction
system that uses learning region and Genetic Programming. In this paper, a decision method of the learning
region is proposed by using texture feature values and clustering. The experiment shows that the proposed method

improves the performance of the system.
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