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Discriminating Synonymous Expressions by Using Images
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Identification of word similarity plays important role in natural language processing. It supports wide varieties of
applications such as text mining for aggregating synonymous expressions and machine translation for finding equivalent
terms in different languages. Whereas state of the art of word similarity identification uses textual corpus as the knowledge
resource, we propose a method to use images associated to each expression. After producing a list of candidate synonymous
expressions for a query expression based on textual resources, images representing each candidate synonymous expression
are compared with images representing the query expression for evaluating the synonymity.
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