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At retail stores, such as a supermarket, there exists a context that is change of goods sold well with time. In
order to analyze of such a context of the distribution in ID-POS data, we extracted the topic about the costomers’
buying behavior using PLSA. The analysis for one month in May, 2010, and results to obtain the time dominant

topics about purchase goods are shown.
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2. Context-Aware Recommendation
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Rl | 26 z1 Z4 Z5 z7 Z2 23
8 1.00 0.00 0.00 0.00 0.00 0.00 | 0.00
9 0.38 | 0.57 0.05 0.00 0.00 | 0.00 | 0.00
10 0.08 | 0.49 0.24 0.02 0.17 | 0.00 | 0.00
11 0.02 | 0.24 | 0.44 0.12 0.15 0.03 | 0.00
12 0.01 0.02 0.58 0.27 | 0.04 0.09 | 0.00
13 0.01 | 0.09 0.33 0.39 0.06 | 0.12 | 0.00
14 0.00 | 0.22 0.06 0.38 0.23 | 0.11 | 0.00
15 0.00 | 0.21 0.01 0.29 0.38 0.12 | 0.00
16 0.00 0.13 0.03 0.15 0.51 0.18 | 0.00
17 0.00 | 0.03 0.09 0.04 0.51 | 0.31 | 0.02
18 0.00 | 0.03 0.09 0.00 | 0.29 | 0.42 | 0.16
19 0.00 | 0.14 0.03 0.00 0.00 | 0.30 | 0.54
20 0.10 | 0.08 0.00 0.00 0.02 | 0.01 | 0.80
21 0.44 | 0.00 0.00 0.00 0.00 | 0.00 | 0.56
22 0.48 | 0.00 0.00 0.00 0.00 | 0.00 | 0.52
23 0.49 | 0.00 0.00 0.00 0.02 | 0.00 | 0.49
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