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Analysis on the Word Usage in Communities by Using Distributed Expression
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The popularization of social media exposes the structure of people ’ s conversation - with whom, on what topics
and with what kinds of words people speak. In this paper, we conducted empirical analyses on the relation between
social network (with whom people speak) and language network (on what topics and with what kind of words people
speak) using a large dataset from Twitter, which covers more than 7M people. By qualitative and quantitative
analyses, we revealed that there is a distinct difference in the use of language among communities extracted from
the social network. Our findings include (1) we can extract a community composed of people who use the same
kinds of jargon by exploiting information from both the social network and word usage, (2) when we focus on
similarity among communities in terms of both interaction and word usage, we can find specific patterns based on
the people ’ s profile information including attributes and interests.
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% 1: Examples of Labels and Keywords in the top-38 communities
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