The 28th Annual Conference of the Japanese Society for Artificial Intelligence, 201/

— A B O R E KAR RS T

R

Yasuhiko Igarashi

1F4-OS-06a-7

—

T )L HOUNTC

*1*2% EE]/E\A

Masato Okada

UHRRUREE REEBER SR R 2 JE R

Graduate School of Frontier Sciences, The University of Tokyo

IRSTATBEE NEYL AT IERT IR

et #—

RIKEN Brain Science Institute

We investigated a inhomogeneous network structure with common inputs and spiking nonlinearities. Similar to
a homogeneous network, a network with heterogeneous connections can provide not only a firing rate tuning curve
but also the relationship among the statistics gathered from neuronal response of primary visual cortex to a random
stimulus. We found that the heterogeneous structure of this network can dynamically control the structure of the
higher-order correlations and can generate both sparse and synchronized neural activity. The 3rd-order correlations
resulting from visual stimulation can carry stimulus-specific information these dynamics based on these dynamics.
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