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A Development of an Ontology Contents Refinement System
based on Similarities among Is-a Hierarchies
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There are some similar part in ontologies which are built under the guideline that “It is desirable to classify lower
concepts according to the same kinds of characteristics with references to them”. Focusing on this feature, we are
developing the ontology refine support tool. This tool detects unsimilar parts in ontology, then proposes some refinement
methods to the users. They choose these proposal and refine their ontology.
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