The 28th Annual Conference of the Japanese Society for Atrtificial Intelligence, 2014

114-OS-09a-5

bbb gtbtotobgtobotgtobogboouguod

Optimal Action Selection for Active Perception of Multimodal Categorization
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In this paper, we propose an optimal action selection technique for multimodal object recognition and give

theoretical foundation of the active perception technique.

We assume that a robot obtain several multimodal

categories through interaction with daily objects using multimodal categorization technique proposed by Nakamura
et al.. In such case, a robot can estimate a new object category efficiently by selecting an action which can collect
more information than other actions do. We show that maximal expected KL-divergence criterion is optimal
for reducing expected KL-divergence between the final posterior probability of object category and the expected
posterior probability of object category after the next action. We also give an experiment to evaluate the proposed

method.
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