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The Formation of Various Concepts by Robots Using Multimodal LDA
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In recent studies, it has been revealed that robots can form concepts and understand the meanings of words
through inference. The key idea underlying these studies is “multimodal categorization” of a robot’s experience.
However, previous studies considered only object categories. Our concept considered not only object categories,
but also tactilecategories and color categories, which are directly connected to themodalities. In this paper, by
extending multimodal latent Dirichlet allocation (MLDA), we propose the formation of various categories based
on the ties with modality. We show that a robot can form various concepts based on self-obtained multimodal

information.
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