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A Method for Classifying Homographs in Social Media Texts Using Topic Models
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The analysis of text data from social media is hampered by irrelevant noise data, such as homographs. The noise
data are not usable, and the noise data make analysis, such as counting estimates, of the correct data difficult,
which adversely affect the quality of the analysis results. We focus on this issue and propose a method to classify
homographs that are contained in the text of the social media using topic models, and we report the results of the

evaluation experiments.
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