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An evaluation of commonsense knowledge-based reasoning approach to the problem of recognizing the
dissimilar concept from the concepts sets taken from the educational materials for human child
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With the development of the knowledge base, ConceptNet, and its reasoning algorithm AnalogySpace, the basis of the
commonsense Al is now ready for the further research to be carried out. The authors had been involving in the acquisitions
of Japanese commonsense knowledge and the development of the knowledge base. This paper proposes a method to assess
the commonsense reasoning techniques that use our knowledge base and inference algorithms, and reports the results of the
assessment. The assessed task was to make inference in solving the problem of identifying the most dissimilar concept from
the sets of concepts taken from the educational materials for human child aged 3-4. In the evaluation, a comparison was
made with the results brought by the method of Latent Semantic Analysis using Wikipedia and the method of similarity
calculation using WordNet, demonstrating the superiority of our commonsense Al approach over those existing methods.
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