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In social media, resharing contents is one of the important ways for users to propagate information to the other
users. In this paper, we presuppose that retweeting behavior of Twitter users shows expected interests of users
towards the originator. Based on this assumption, we compare tweets posted by four twitter users during Japanese
House of Councillors election in 2013 with during the whole period. We show that tweets including the expected

interest of the users tend to be larger than the others.
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