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Extraction of Part/Material Concepts from Combination of Wikipedia Data
and Associative Concept Dictionary
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Associative Concept Dictionary is a dictionary which describes semantic relations between concepts and words.
Those relations are obtained by large-scale association experiments done by Okamoto et al.,[4,5]. Associative Con-
cept Dictionary includes several kinds of conceptual relations such as hypernym/hyponym relations, part/material
relations, etc. We focus on part/material relations, which have not been tried to extract from big data, while many
methods have been proposed and applied for hypernym/hyponym relations. In this paper, we propose a method
which extract part/material relations from large data such as Wikipedia using machine learning techniques.
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