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Interaction design to support selection of the training data by the implicit feedback
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In interactive machine learning are a user gives the training data to a machine learning system and the system
performs data mining. The training data selected by the user are important.In this paper, we apply implicit
feedback (e.g. eye-tracking) to improve user’s training data selection in interactive machine learning. In this study,
we investigate a novel user interface which can significantly extend the labeled data obtained from a user and enrich

the user feedback.
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