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Election result prediction using mciro blogging service Twitter is now very active these days. The research ap-
proach so far is mostly classified into two way: one is focusing on voters and the other is focusing on candidates.
Most of the research focusing on candidates use only the number of followers to predict election results. Considering
on rapid progress in Twitter analysis these days , we should be able to predict election results with more sophisti-
cated analysis. In this paper, we predict who pass the Japanese general election in 2013 using not voters’ features
but candidates’ features: 6 features on candidate’s account (followers_count, friends_count, number of tweets, etc.)
and 3 features on candidates’ information diffusion (size, variety and loyalty of information diffusion). We conduct
a prediction experiment with Random Forest through 10-fold cross validation. The result is that f-measure with the
features on information diffusion is higher by about 12% than that with only the features on candidate’s account.
The result also indicates desirable state of candidates’ Twitter account for success in election.
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