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A method of k-anonynimity for protecting location privacy
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In the field of privacy preserving data mining, k-anonymity is a representative model for protecting privacy.
But,existing methods of k-anonymity have a problem that a person is misleadingly suspected as a bad guy due to
the information which actually has nothing to do with him/her.In order to prevent an occurrence of misleading,
we have to pay attention to sensitive area when we generate anonymizing spatial region.In this paper, we propose
an spatial anonymizing method with the use of constrained k-means that is aware of sensitive area , which can

prevent an occurrence of misleading.
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