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Probabilistic Categorization of Images and Symbols of Object-oriented Actions and Activities

REHELR

Masayasu Atsumi

=1y N

Y AT LT

Dept. of Information Systems Sci., Faculty of Eng., Soka University

This paper proposes a probabilistic categorization method of object-oriented actions and activities in which their
visual appearance classes of motion and their semantic tags in a form of deep case triplets are organized into a
probabilistic semantic network through the incremental probabilistic latent component analysis and actions are
correlated with their contextual activities. Through experiments using video clips captured by a Kinect sensor, it
is shown that the method can learn, recognize and infer object-oriented actions in context of activities.
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