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Searching for cadence using exGTTM
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EXGTTM is a computer implementation of the Generative Thoery of Tonal Music (GTTM), to analyaze music structure.
This computer system, however, is still imperfect, because it cannot find cadential retention and thus cannot give a proper
cadence structure. In this paper, we show a searching system of cadence based on exGTTM, and discuss if those parts can be
cadectial reduction or not. In addition, we propose a new formalism for the time-span tree. In the original thoery, a time-span
tree is composed from grouping analysis and metric structure, including such chord information as dominants and tonics. We
suggest that these chord recognition should be distinguished from other analyses, and we divide the bottom-up metrical
structure and the tree with chord information; the latter should be regarded as an intermediate tree between the purely-

metrical time-span tree and the prolongational tree.
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