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Action Decision Method for Service Robots based on
Integration of Predicted User Behavior and Command Interpretation
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Generally, service by robots will be determined by the speech command of the user. In order to interpret speech
commands correctly, the context might help in many cases. In this study, a situation of a robot which is in close
contact with the life of person is considered. Human daily behavior is observed by robots and an unsupervised
learning of those behavior patterns is made to realize action decision. The decision made by robots is used not
only for providing a forestalled service but also used as one of the context that is incorporated with other contexts
to boost the accuracy of speech commands to accomplish the task. To validate the proposed method, experiments

have been conducted.
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