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Evaluation of noun paraphrasing based on variety of contexts
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We paraphrase the noun along the context of the input sentence based on the variety of contexts that is obtained from

large-scale corpus. The proposed method has the feature of not using the word frequency nor the co-occurrence frequency but

only the number of types of contexts. This is based on the idea that paraphrase candidates appear more common with the

target words in the same contexts. For the result of the experiment, this approach was able to produce more appropriate

paraphrase than the approaches based on the co-occurrence frequency and PMI.
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