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Nonparametric Bayesian Location Concept Acquisition that Integrates Localization
and Unsupervised Word Segmentation of Utterance Sentence
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In this paper, we propose a novel learning method which can estimate self-location of a robot and concepts of
location simultaneously. A robot performs a probabilistic self-localization from sensor data. We propose nonpara-
metric bayesian location concept acquisition that integrates localization and unsupervised word segmentation of

utterance sentence.
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2: Graphical model of the new proposed method

# 1: Each element of the graphical model
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3: Learning result of the position distribution
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4: Name of location Wy
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5: Name of location Ws
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7: Multinomial distribution of index of the position dis-
tribution corresponding to Wy

0.8
0.6
0.4
0.2

P(%)

0 1 2 3 4 5 6 7 8 9
(L& 5 DindexBE S

—

8: Multinomial distribution of index of the position dis-
tribution corresponding to Ws
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9: Multinomial distribution of index of the position dis-
tribution corresponding to Wy



