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In a previous study, we proposed a novel reinforcement learning architecture LS-Q that applies human cognitive biases to
action selection in Q-learning. It has become clear that LS-Q learning adaptively searches in the environment with large
uncertainty. In this study, we analyze the aspect in which LS-Q learning adeptly escapes from local optima, avoids stagnant

loops through states with little rewards, and return to efficient motion learning.
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