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We propose modelling method to produce time series collective emotion on Twitter. We classify emotion into
six individual dimensions of mood, namely Anger, Disgust, Fear, Happiness, Sadness, and Surprise. Our mod-
elling method is applied to set of tweets data tweeted between December 10, 2013 and January 10, 2014. We
produce 3 scoring function and reveal most suitable function as collective emotion modelling method. We confirm
characteristic change of emotion around some events generally regarded as big like christmas and new year’s day.
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