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Dynamics of Collective Mood in Online Social Networks
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Social media such as Twitter often exhibit collective phenomena associating with real-life events, during which

emotional expressions about the events spread over the user networks.

To quantify collective mood in online

networks, we proposed “emoticon networks,” in which nodes denote emoticons and Japanese adjective words in
tweets, and directed links denote information flows among them. Using Twitter data in 2011, we constructed
the emoticon networks to examine the dynamics of collective mood before and after the Japan earthquake. We
found that the emoticon network before the earthquake had the one-directional chains of positive emoticons and
adjectives; in contrast, that after the earthquake had a strange loop among positive and negative ones as well as

many isolated nodes.
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