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Learning to generate proactive and reactive behavior
by predicting the precision of prediction errors
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This paper presents a novel hierarchical neural network model that can learn to predict not only the next sensory

input but also the precision of prediction errors.

The proposed model was implemented in a humanoid robot

that was required to learn to generate adaptive behavior depending on the situation. Our experimental results
demonstrate that the robot controlled by the trained network can generate both proactive and reactive behavior

based on the predicted precision.
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