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Anomaly Detection Local Areas Using Social Media
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We are planning to develop geo-location information extraction system from text data.

This system makes

it possible to convert gps information and location name extracted from social media posts into administrative
district information. Extraction of administrative district information is important for disaster management because
support activities and rescue operations are performed by the administrative section in the case of disaster situation.
In this paper, we propose a method to estimate the location of sending form tweets. From next year, we will try
to develop applications for disaster management based on this mission-critical system.
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