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A study on Auto-Tagging Method based on Latent Dirichlet Allocation
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Recently, huge amounts of documents are posted on review sites. These documents contain valuable information
for consumers and companies. However, it is difficult to read all of documents in point of time and efforts so that
the system which organizes knowledge in each document is needed. For this purpose, this study focuses on “tags”
which can represent the overview of contents. This paper tries to construct the auto-tagging system and proposes
a tagging method based on topic information which are available from Latent Dirichlet Allocation. To investigate
the performance of the proposed method, an experiment to assign tags is carried out.
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(1)For each choose © ~ Dir(a).
(2)Choose @ ~ Dir(f).
(3)For each of N words wy, :
(a)Choose a topic z, ~ Multinomial(©).
(b)Choose a word wy, with p(wn|zn, ®).
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term — score(vi) = p(vg) *log(
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