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Finding Important Users for Information Diffusion
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Wide-scale disasters such as earthquakes, hurricanes and so on, occur unpredictably. During a disaster, it’s
important to collect information appropriately to save own lives. However, it is difficult to collect information
from mass media, such as TV, Newspapers, which contains information which is of use for the general public.
Under the disaster situation, victims require information which shows place of shelters or danger points. Also, not
only victims but also rescuers require information of victim location or that of shorted supplies. In this paper, we
analyse one billion retweet data to find important user on information diffusion.
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Name Value

Num of Agents 1000
Network Generate Model CNN-Model
Simulation Step 1000

No. of Simulation 1000

First Agent Probability b;
Active Frequency v;
Retweet Probability r;

0-1(uniform distribution)

0-1(uniform distribution)

0-1(uniform distribution)
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