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Detection of Characteristics Changes of Automobiles with Time-Series Patterns
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In this study, we discuss detection of automobile characteristics changes by monitoring the time-series patterns
of sensor data. We propose a method based on sparse coding, dictionary learning and latent semantics analysis
(LSA) to capture the patterns of multivariate time-series and their co-occurrences. The proposed method has been
applied to the vehicle sensor data, and succeeded in detecting changes with better peformance than traditional
PCA-based approach that ignores temporal correlation.
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