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Parallel corpora are essential for multilingual processing and statistical machine translation. Generally speaking,
it costs much money and time for a human translator to build parallel corpora. More and more attention has

been paid to the study in building parallel corpora from comparable corpora like Wikipedia.
we focus on the Matching Canonical Correlation Analysis (MCCA) model.

In this paper,
It can learn bilingual translation

lexicons from each monolingual corpus by means of monolingual features, such as context counts and orthographic

substrings.

This paper adopts a probabilistic topic model, especially a polylingual topic model, which outputs
a set of multinomial distribution over words for each topic across multiple languages.

We employ the latent

topics estimated by the polylingual topic model to monolingual features in the MCCA model. Experimenting on
Japanese-English Wikipedia corpus on Buddhism, we show how we estimate latent topics across multiple languages.
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