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Verification study of autonomous SLAM system using small UAV
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In this study, we aim to achieve ”autonomous SLAM” by using small Unmanned Aerial Vehicle (UAV). That
is an autonomous explore system of unknown environment without manual operation. Apply the flying rule suit
to the constraints in SLAM by the feature points matching and conducted real machine experiment. A result, we
achieved robust fully autonomous search in a broad indoor, but failed to advanced search, such as examine all over
the unexplored area. Therefore, this study showed that autonomous SLAM using a small UAV is realizable.
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