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Development of Predictive Model Using Crowdsourcing Competitions
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Competitions for predictive modeling provide a new data mining approach where a large group of experts examine
a wide variety of predictive models and compete with others to build models with the best performance. Competi-
tion hosts, who provide their own dataset and specify the problem to be solved, are not only able to select the best
competition model but also to aggregate the submitted models to obtain one that outperforms all other individual
models. In this paper, we report the results of a study conducted on CrowdSolving, a competition platform for
predictive modeling in Japan. We hosted a competition for solving a link prediction problem and observed that
(i) the prediction performance of the winning model was better than that of one using a state-of-the-art approach,
and (ii) the model aggregated from the submitted models outperformed the winning model.
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