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Application of Integer Linear Programming to BBS Summarization
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We propose a summarization model for bulletin board system (BBS) based on integer linear programming. BBS
summarization is one of text summarization tasks, which aims to extract important responses from BBS responses.
Summarization methods based on integer linear programming are known to generate high-quality summaries in the
text summarization tasks, but these methods cannot straightforwardly be applied to BBS summarization because
these methods presuppose that the maximum length of summaries is given but BBS summarization does not. In
this paper, we propose a method based on integer linear programming for generating variable-length summaries.
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