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Only the very limited people with text mining skill can acquire significant knowledge using text mining tools effectively.
TETDM assume not only experts of text mining or this software but also the beginners as users. However, beginners had to
master how to use it by trial and error repeatedly until now. Hence, in this paper, we defined the skill to operate text mining
tools smoothly and to analyze results appropriately as text-mining skill. Then we proposed a system which assists for beginners
to use TETDM and showed the effect of the system by experiment.
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