The 28th Annual Conference of the Japanese Society for Artificial Intelligence, 2014

2N5-0S-03b-3

FRHY 27 — DRER IR 2 K R B e B £ o A 20k

Effectiveness of Causal Value Function for Game Tree Search
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Classical search methods on game trees are based on an evaluation function that enables quantitative treatment of the state

and a strategy that utilizes the function such as Mini-Max method. Construction of the evaluation can be quite hard,

especially for a game with huge search space like the game of Go. Recently, UCT, a Monte Carlo tree search method with

bandit-like sampling allocation, has been shown to be very effective. We propose LST that utilizes an action value function

implementing causal intuition of human. With tuning of an intuitive parameter, it enables faster search of the optimal actions

with a kind of satisficing behavior.
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