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Method of Solving the Overlearning in Autonomous Strategy Learning for Multi-agent
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In this paper, we propose the method to solve the overlearning in multi-agent continuous cleaning by discarding
the learning result. We already proposed a strategy learning method so that agents individually identify the ap-
propriate patrolling strategy in the coordinated cleaning tasks. However, we found that, in some environments, the
performance of cleaning degraded because many agents overly select a certain strategy. This biased strategy selec-
tion, which we assume that is a kind of overlearning, results in another conflicts, and thus reduces the performance
of the system by their interferences. Therefore, we propose the method to avoid this performance degradation by
autonomously discarding the learning results. We experimentally examined our proposed method can avoid the
overlearning by introducing it to agents and showed that it can keep the performance higher than the previous

method.
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