The 28th Annual Conference of the Japanese Society for Artificial Intelligence, 201/

1K3-4

AR— REIZEBIT D
2T UVIICER LY Y A — MTEITO K 54T

A Contents-based Analysis of Retweet Behavior in Sports Events
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This paper reports the results of contents-based analysis of twitter messages on 2013 World Championships in
Athletics. In the analysis, we assess what kind of content in twitter messages, e.g. athlete names, technical terms,
emoticon and frequent terms, has positive or negative effect for the retweet by using regression analysis, decision

trees and propensity score matching.
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