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Institutional Design for the Promotion of Autonomous Mutual-aid Action
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In this paper, we examine the scenario by the agent-based model to promote the autonomous mutual-aid action, focus on

spread of preference. And we confirmed that the individual level interaction rule “Changes the state for the majority of

community task member” make the dynamics of spread of preference. Moreover, we confirmed that it is an effective way to

be selectively affected from the people who have positive preference for community task to promote of community

autonomous mutual-aid action. And it is a reasonable intervention for the promotion of autonomous mutual-aid action to

change some people to only be influenced by the participants who take part in community task and accomplished that work.
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