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Analyzing Association Rules between Sitting Posture and Grip in Handwriting
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Handwriting is one of the intelligent dexterous movements produced by human. Conventional studies on hand-
writing treat character shape, pen-tips movement, grip etc, because handwriting is regarded as just a hand move-
ment. However, a handwriting skill includes not only hand movements but also physical aspects such as a sitting
posture. In order to evaluate handwriting comprehensively, it is necessary to evaluate multiple factors of hand-
writing as a complicated physical motion. Thus the purpose of this study is to analyze association rules between
a sitting posture and each hand movement including grip, pen-tilt angle and pen pressure in handwriting.
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